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ABSTRACT: Medical image fusion is the development of registering and merging numerous images of one or
more image methods to get better image quality, reduce randomness and redundancy, and improve the
applicability of medical images in diagnosis and evaluation in clinical applicability of medical images for diagnosis
and assessment of medical efforts. Multimodal medical image fusion algorithms and equipment have achieved
important achievement in getting better the clinical accuracy of medical image based decision making. Today, the
areas where image fusion is easy to use in medical diagnosis are medical fusion images, the same as processor
tomography (CT), Magnetic Resonance Imaging (MRI) and magnetic resonance imaging (MRI). This article aims
to propose a new algorithm to improve the quality of multimodal medical image fusion through discrete wavelet
transformation (DWT). The discrete wavelet transformation has been implemented using fusion technology. IHS
sharpening technology is one of the most used sharpening technologies. To transfer color images from RGB space
to IHS, different conversion methods have been developed. Fusion performance is calculated based on PSNR,
MSE and accuracy. The experiment will be tested on image data sets of Alzheimer's disease, normal axis and
normal coronary illness. Quantitative and graphical analysis tables and discrete wavelet transformation (DWT)
can significantly improve the superiority of merged images.
Keywords: Multimodal medical image fusion, fusion rules. Intensity-Hue-Saturation (IHS), DWT, HAAR.
I. INTRODUCTION
Because the IHS transformation can combine various
forms of spectral and spatial landscape information into a
single set of data for analysis, the transformation can be
used for geological mapping. even though the HIS
Technique has been extensively used, this method cannot
crumble the image into different frequencies in the
frequency space, such because upper or subordinate
frequencies. Therefore, the IHS method cannot be used to
improve certain image characteristics. The technical
distortion of color is usually noticeable [17, 3]. To reduce
color distortion, the PAN image corresponds to the
intensity ingredient and is stretched before inverse
transformation. Image fusion based on a sub-sampling
contour transformation (NSCT) and HIS has advanced in
the preservation of spectral information and spatial details
and better integration effects. Thanks to its
transformation, it is possible to merge specifically based
on fragments, or merge images retained by the spectrum
and perform spatial domain filtering. B. Brovey’s fusion
transforms the image [12, 8]. BT is based on chrominance
conversion. This is a simple method to combine data from
multiple sensors, and its limitation is that it involves only
three frequency bands. The objective is to normalize the
three multispectral bands used for RGB visualization and
multiply the result by any other data necessary to add
intensity or brightness components to the image. This

technique requires that experienced analysts make
specific adjustments to the parameters. This allows the
development of easy-to-use automation tools. Brovey’s
transformation has been developed to avoid the
disadvantages of the multiplication method. It is a
combination of arithmetic operations that can be
normalized before multiplying the spectral band by the
panchromatic image [11, 1].
II. IMAGE FUSION TECHNOLOGY
In general, fusion technologies can be divided into
different point indication point, pixel/data point, function
stage and conclusion point. Signal point fusion in signalbased fusion, signals starting dissimilar sensors is fused to
produce a new signal by means of a improved
signal/noise ratio than the original signal. The pixel/data
point mixture combines raw data from multiple sources
into a particular data declaration. Suthakar et al., [6]
combine feature levels to extract multiple features (such
as boundaries, turn, lines, surface limitation and previous
dissimilar data basis), and then combine them keen on one
or additional replaceable characteristic chart Detect
changes in processing for later use. Decision-level
mergers combine the results of multiple algorithms to
produce the final merger decision. When the results of
different algorithms are expressed as trust rather than
decision, it is called soft fusion and also this is called hard
fusion.
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The combination of decisions includes selection methods,
statistical methods and fuzzy methods based on logic.
There are several methods of image fusion that can be
used in image fusion applications, but image fusion
techniques are basically divided into two categories,
image fusion techniques. Space domain fusion method
and transformation domain fusion method. These
explanations are as follows:
Space Domain Fusion Technology: Space fusion
technology we directly process image pixels. Manilate
pixel standards to obtain the needed consequence. These
practice are base on gray-scale mapping, where the
category of map used depends on the criteria selected
designed for improvement. The difficulty of spatial
domain methods is that they can cause spatial deformation
in the merged image.
Fusion Techniques based on Transformation: The
technique of frequency transformation or domain is based
on the operation of the orthogonal transformation of the
image, not the image itself. Field conversion technology
is appropriate for image processing bottom resting on
frequency content.
Fusion of Medical Images: Multimodal Algorithms and
medical imaging devices have made significant
achievement in recovering the clinical accurateness of
resolution support on medical images. The choice of an
imaging modality for object clinical research necessitates
research institutions with specific medical knowledge. It
is approximately not possible to detain all the details of
the imaging modality to make sure clinical accuracy and
reliable examination and diagnosis of the results. Fig. 2
illustrate the three main areas of medical imaging
research: (a) identify, improve and develop useful
imaging methods for medical imaging (b) develop
different medical imaging technologies (c) medical
imaging fusion applications that study Human organs for
evaluation Medical condition.
The level of fusion is similar to previous form of in order
fusion image fusion is generally execute in single of three
dissimilar giving out levels signal, characteristic and
decision [10]. (1) Image-level image synthesis, also called
pixel-level image fusion, represents the smallest level of
fusion, where many original contribution image signals
merge to generate a single merged image signal. (2)
Merge images at the object level, also known as Image
merging at the feature level, merging of feature and object
tags, and attribute descriptor information. This
information has been integrated with the ability of local
decision makers to merge probabilistic decision-making
information based on processing results at the feature
level. Processing at the level of characteristics of the
image data generated by the sensors. (3) The fusion of
higher level images, at the decision level or of symbols
represents the decision information of the probability of
fusion, which is obtained by the decision makers local
depending on the result of processing at the level of
characteristics of the image data generated by each
sensor.
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III. LITERATURE REVIEW
If we analyze the field of image fusion, we can see that in
this case, from the perspective of image fusion, much
work has been done from the space domain to the time
domain. Starting with the most common image fusion
application for remote detection [1], the method basically
uses multiple sensors to detect errors in cotton plants.
Details of image fusion applications in the field of remote
sensing are presented in [3]. Another important
application of image fusion is medical imaging. In [6], the
fusion of MR images using long and short axes was
proposed. Similarly, fusion of liver images can be
analyzed in [5]. Image fusion is more applicable and
applied. Another important application is the field of
image improvement. Mode selection and color fusion is
an example of this [10]. Image queues are really
important [7]. Wavelet-based image focus fusion can be
analyzed in [16]. Fusion of proposed comparative image
[15, 13]
Behzad Rezaeifar et al., [2] today, medical imaging has
become a common part of daily clinical practice.
Regardless of the tremendous progress, there is still no
unique way to represent every aspect of the human
remains. Intended for illustration, CT is sufficient to see
opaque arrangement, even as MRI provides a high
decision for flexible tissue. In this article, we suggest a
new method to merge multimodal medical images. First,
let’s transform the source image using the surface
transformation. Then we effectively combine the low
frequency and high frequency coefficients. Ultimately, the
inverse transformation will give the merged image.
Compared to many known corresponding algorithms, the
experimental results show that our method has excellent
solution quality [20].
Ebenezer Danie et al., [3] medical imaging technology
has been extensively used. Forensic fusion technology has
been widely used in various clinical applications. The
generalized homomorphic filter has the characteristics of
the Fourier domain of the input image. In the fusion of
multimodal medical images, the discrete technology
based on the wavelet transformation provides more
functions and is performed in the Fourier spectrum. In this
article, we propose a homomorphic wave fusion method
using the hybrid gray wolf optimization genetic algorithm
(HG-GWO), that is, the optimal homomorphic wave
fusion (OHWF) method. In OHWF, it consists of the
registration domain and the wavelet domain information
of the input image. Homomorphic wavelet-based fusion
includes
Multi-level decomposition of the input image. In our
proposal, the approximation coefficient of mode 1
(anatomical structure) and the best scaled detailed
coefficient of mode 2 are provided to adder 1. In adder 2,
detailed coefficients of the best proportion of mode 1 are
added and the coefficients they are approximated by mode
2.
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The results of adder 1 and adder 2 are combined using an
average rule based on pixels. First, the fusion of MRSPECT, MR-PET, MR-CT and MR T1-T2 images was
verified using several indicators of fusion evaluation.
Later, the traditional Gray Wolf optimization algorithm
was modified by genetic operators. investigational results
demonstrate that the process is superior towards the latest
fusion algorithms in the fusion of structural information
and functional information [3].
Raju et al., Branch This article presents the methods of
image fusion used in the medical field. In this project, the
CT and MRI images are fused for clinical use. A CT
image of a person can provide information about hard
tissue, while an MRI can provide detailed information
about soft tissue. The fusion of the two images provides
detailed information about the patient. This article
provides a new hybrid fusion method that can improve
image quality. The fusion technologies used in this
project are average, maximum, minimum, DWT, PCA,
DSWT and hybrid fusion methods, which is a
combination of the two methods. You can use image
quality indicators (such as PSNR, MSE, RMSE, entropy
and other parameters) to compare the performance of
multimodal fusion images. By looking at the results, it
can be shown that the proposed method is more effective
for fusion purposes [4].
Rajasekhar et al., [5] in recent years, the fusion of
Multimodal images are one of the imperative aspects,
particularly in clinical diagnostic applications. The fusion
of multimodal images combines two images get hold of
from fusion of multimodal images is one of the important
aspects in recent years, especially in clinical diagnostic
applications. That combines multiple levels of local limb
(MLE) and contour waveforms without the need for
parallel sub-sampling (NSCT). In addition, the use of
NSCT technology can improve shifting changes,
directivity and phase information in the merged image.
The presentation of the projected employment has been
tested on six images of different standard data sets.
Experimental marks show that the presentation of this
process is superior to quite a few active methods in terms
of quality indicators.
Qamar Nawaz’s et al., [7] main module examination is a
dimensionality decrease method that has been extensively
used in the fields of image fusion, categorization and
facial recognition. It cannot be practical straight to a twodimensional image, but it must be converted to a onedimensional vector before applying PCA. Factorization of
images loses the relationship between rows and columns,
which can lead to misleading calculations of the main
components. The two-dimensional PCA solves this
difficulty with straight processing two-dimensional
images, without the need for prior factorization. Inside
this editorial, we propose a new multimodal medical
image fusion algorithm based on two-dimensional PCA.
Experimentation was performed to merge images from
three sets of brain multimodal images. With by means of
seven widely used image excellence evaluation medium,

the fusion result of this algorithm is compared with the
fusion result of the PCA based image fusion algorithm
[21]. The comparison shows that this algorithm is
superior to existing PCA based image fusion algorithms.
IV. PROPOSED METHOD
Image fusion support on wavelet transformation. The
original thought and premise of multi-solution analysis
stand on wavelet comes beginning Mallat. The Wavelet
transformation is a arithmetical implement so as to be
able to notice local characteristics in the indication
procedure. It can also be used to decompose twodimensional (2D) signals (such as 2D grayscale image
signals) at dissimilar levels of resolution for multiple
resolution analysis. Wavelet transformation has been
widely used in numerous fields, such because texture
analysis, data compression, feature detection and image
fusion. In this segment, we temporarily re-evaluate and
analyze wavelet stand image fusion techniques I(x, y) =
W-1 (Ø (W (I1(x,y)), (W (I1(x,y))))
(1)
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Fig. 1. Image Fusion using discrete wavelet transform.
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Fig. 2. DWT on 2-dimensional data.
In the entire wavelet based image fusion techniques the
wavelet transforms W of the two register input images
I1(x, y) and I2(x, y) are computed and these transforms
are collective using a number of type of fusion rule Ø.
This is given by Eqn. (2) below:
(ݔ, ܹ = )ݕ−1 (Ø ܹ ܫ1 ݔ, ܹ ܫ2 ݔ, ݕ
(2)
where W-1is the inverse discrete wavelet transform
(IDWT) The MRI and PET images have occupied input
for the system. PET image is decayed into HIS.
The experiment will be tested on three sets of mold data
called normal axial, normal coronary and Alzheimer's
disease brain images. The decomposition of wavelets
from the data set has been carried out in four lower and
upper regions of activity. The superiority of the merged
image was tested by means of the MSE and PSNR
methods. The experiment will be tested by the haar
wavelet method. Haar and db1 wavelets from the 3D
medical multi-model file are used for fusion.
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The preprocessing method will apply a spatial filtering
technique to a Gaussian filter based on the image fusion
method to detect and locate characteristics of the disease,
body tissues and pathological modify. The fusion method
based on DWT is very different in gray substance (GM)
on anatomical in sequence and repaired white matter
(WM) for spectral in order. The positive PET axis,
positive PET crown and Alzheimer's PET data set will be
in the IHS space collected, the spectral in sequence is
mainly reflected in the hue and saturation. It can be
concluded that the change in intensity has slight
consequence on the spectral in sequence intended for the
fusion of high-resolution multispectral isolated sense
images, the objective is to guarantee the spectral
information and increase the detailed information with
elevated spatial decision.
Data Set
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Wavelet
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Wavelet
Transform

Fused Image
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Fused Image
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for receiving images
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Fig. 3. Proposed Flow Chart.
V. CONCLUSION
In this article, we propose MRI and PET image fusion
methods based on wavelets. The experiment will be
conducted on three sets of mold data, called normal axial
brain images, usual coronal and Alzheimer's disease. The
wavelet corrosion of the data set will be divided into four
levels, with areas of low activity and areas of high
activity. This experiment will test the wavelet haar
method. Haar and db1 wavelets from the 3D medical
multi-model database are used for fusion. The
preprocessing method will apply a Gaussian filter of
spatial filtering technology, and the quality of the merged
image will be tested using MSE, PSNR and precision
parameters.
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